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The thesis in one paragraph
Enterprise AI is failing at the same 80%+ rate that enterprise data warehouses failed at in the 1990s —
and for the identical root cause. Boards are asking why 2025's AI investments are not producing
measurable ROI. The answer is not better technology. It is a discipline that already exists, was already
proven across thirty years of enterprise data delivery, and was already paid for by the failures of the
1990s. AI governance is a requirements methodology problem, not a technology problem. The Kimball
Lifecycle — the requirements-driven approach that solved enterprise data warehousing — provides
the structural foundation for governing AI in the enterprise. Organizations that adopt it will avoid the
failure modes that are presently consuming their AI budgets.

What the data shows
The numbers are consistent across every credible source and they are converging on the same
conclusion:

• RAND Corporation (2024): more than 80% of AI projects fail — twice the rate of non-AI IT
projects. Requirements misunderstanding is the #1 root cause.

• McKinsey, 2025 State of AI (1,993 participants, 105 nations): ~90% of organizations now use AI
regularly, but only ~6% qualify as high performers generating meaningful business impact. The
differentiator was workflow redesign, not technology.

• S&P; Global: the share of companies abandoning the majority of their AI initiatives surged from
17% to 42% in a single year.

These are not technology failures. They are organizational and methodological failures, and they are
already baked into the 2025 spend that boards are now asking questions about.

The pattern that already played out
Three decades ago, enterprise data warehouse projects failed at an 85% rate. Ralph Kimball and
Margy Ross documented why: the technology was not the hard part. The hard part was the
requirements work — understanding what business questions needed answering, how the
organization's processes actually worked, and how data needed to be structured to support real
decisions. The Kimball Lifecycle codified the answer: interview stakeholders across all subject areas
up front, deliver incrementally one subject area at a time, treat the system as a living asset.

The parallels between data warehouse failure in the 1990s and enterprise AI failure today are not
approximate. They are structural:
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Failure pattern Data warehousing (1990s) Enterprise AI (2024–2026)

Failure rate ~85% 80%+

#1 root cause Incomplete requirements Requirements misunderstanding

Common approach Buy platform, hire DBA, start
loading

Buy licenses, configure SSO, start
coding

What was skipped Business requirements interviews Business requirements interviews
and organizational knowledge
encoding

Who paid the price Organizations that treated it as a
technology problem

Organizations treating AI as a tool
deployment

Enterprises should not pay again, in AI dollars, for a lesson the data warehouse industry already paid for
in DBA salaries.

Salesforce, NYSE, Cognizant, and Microsoft have each described AI deployments where the
determining factor for success was the organizational knowledge work — encoding standards,
conventions, and domain context — not the model selection.

Why ungoverned AI is more expensive than it
looks
Three failure modes compound at scale and become catastrophic past roughly 50 developers using
AI tools without governance.

Compounding remediation cost. Every AI session starts from zero. Developers repeat the same
context — naming conventions, architecture patterns, security requirements — session after session.
For a 200-person engineering team spending 30 minutes per developer per day on context
re-explanation, the annual cost is approximately $2.6 million at a $100/hour blended rate. This is
before counting governance violations, inconsistent code, or knowledge loss.

Control gap. AI tools generate insecure patterns, non-compliant code, and architecturally unsound
solutions. Volume overwhelms manual review and creates an audit blind spot that risk and compliance
committees are actively flagging — particularly under SOC 2, SOX, and GDPR, and under
sector-specific frameworks (HIPAA, PCI-DSS, FINRA, OCC Bulletin 2011-12 model risk management).
AI-generated code that cannot produce a defensible audit trail is a regulatory exposure today, not a
hypothetical one.

Workforce trust. Recent industry surveys put worker bypass of corporate AI tools above 50%, with
worker trust in AI for complex business-critical decisions running roughly 50 points below executive
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trust. The trust gap is itself a budget item: for a 200-person team it represents the same $2.6 million
annual context-loss surface, doubled when adoption stalls.

Where organizations encode their context, productivity has been reported to jump an order of
magnitude.

Each quarter of ungoverned AI deployment compounds three costs. The repetition cost continues
unchecked. The remediation cost grows: code generated without governance must eventually be
audited, refactored, or rewritten to meet compliance posture, and the volume of code in scope grows
monthly. The opportunity cost grows: high-value AI use cases that depend on encoded organizational
knowledge — agent-driven workflows, AI-assisted compliance, model-risk-managed automation —
cannot be deployed until the foundation is in place. A single AI feature can reveal a data dependency
no one had prioritized — the class of hidden cost that surfaces six months in, when remediation is most
expensive. The requirements phase typically requires three to six weeks. A board that defers it for a
quarter is choosing to add a quarter's worth of ungoverned code to its eventual remediation surface.

The solution: Integrated Requirements
Methodology
The methodology is the Kimball Lifecycle, extended to make AI feature design a first-class concern
alongside business intelligence and dimensional modeling. It works because it addresses the root
cause that kills most projects before they start: skipped requirements. Two properties of the
methodology matter most at enterprise scale.

It begins with structured stakeholder interviews conducted across all subject areas up front — finance,
operations, sales, engineering, security, compliance, and executive leadership. Shared dimensions
like Customer and Product cross departmental boundaries, so every relevant stakeholder must be
interviewed before any subject area is built. The interviews simultaneously surface BI requirements, AI
feature opportunities, and the data landscape that determines which AI features are feasible. Delivery
then proceeds one subject area at a time as a complete vertical slice — dimensional model, data flow,
BI enablement, and AI feature — that the business can evaluate against its stated requirements.

It captures bidirectional dependencies between AI features and data foundations. AI features require
specific data to function; data availability shapes which AI features are possible. Run as separate
projects, the dependencies surface during implementation — the most expensive time to find them.
The integrated approach captures both in the same interviews, and produces a Subject Area Priority
Matrix that plots combined business value against feasibility. This artifact drives sequencing, identifies
"Start Here" subject areas with the best risk-adjusted return, and prevents the most common cause of
delay: surprise dependencies discovered late.
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Figure 2. Subject Area Priority Matrix — where the next dollar of AI investment should go,
and where it should not. Business value (vertical) is owned by the business; feasibility
(horizontal) is owned by the Data and AI Architect.

What this means for the board
AI governance is not a technology project. It is an organizational change project that uses technology
as its medium. Executive sponsorship is a prerequisite, not a formality: without executive authority
resolving convention conflicts, standards remain unresolved, and every failed Kimball-era data
warehouse project shared this root cause. Board-level accountability must map to a named executive
— if the answer requires a meeting to determine, the answer is no one. The governance question for
the board is whether AI governance outcomes have a single accountable owner with a defined
reporting cadence to this body, the same as cybersecurity, financial reporting, or model risk under
existing OCC Bulletin 2011-12 MRM frameworks. Trust is the dominant adoption barrier and the
requirements process addresses it structurally: when workers see their long-standing data
complaints captured, prioritized, and resolved through the methodology, the resulting AI system
reflects their expertise rather than a generic tool imposed from outside. Phase 1, Integrated
Requirements, takes 3-6 weeks and is a standalone deliverable; subsequent phases deliver vertical
subject-area slices and operational maturity.
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Four questions deserve a clear answer in the next quarterly review:

1. How much of our 2025 AI spend is at risk because we deployed tools without encoding our
organizational knowledge into them?

2. Could our internal audit function produce a defensible attestation today on AI-generated code
in production? If not, what is the remediation timeline?

3. Who at the executive level owns AI governance outcomes, and what is their reporting cadence
to this board?

4. If a material incident occurred tomorrow involving AI in our business — generated code,
automated decisions, AI-driven workflows — do we have the audit trail to explain to regulators,
auditors, and shareholders what was produced, who reviewed it, and why it shipped?

Boards that get sharp answers to these four questions will recover ROI on 2025 spend and avoid
repeating the failure pattern in 2026. Boards that do not will find themselves in the 80% failure cohort
that was already studied, already explained, and already solved — by a discipline that has been sitting
in the data architecture community for thirty years.

Encephalon is an enterprise AI governance company founded by practitioners with a
combined 30 years of experience applying Kimball requirements methodology to
enterprise data warehouse delivery across nine industries. The full white paper is
published ungated at encephalon.net/whitepaper. Contact: encephalon.net.


